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Bayesian Analysis of Nuclear Dynamics
Bayesian Dirichlet mixing of imperfect models

BMA(LAP) .y

Problem: To develop methods to improve the R
predictability of complex computational
models in the experimentally-unknown
domains,

Method: We propose a Bayesian statistical
machine learning framework utilizing the
Dirichlet distribution that combines results of
several imperfect models. To illustrate the
method, we study the ability of Bayesian
model averaging and mixing techniques to
mine nuclear masses.
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mixing rather than mixing of corrected models calculated with equal-tailed credibility
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